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Introduction Statistics of MOT datasets and OVMOT datasets | Dataset Attributes
Datasets #Cls. #vid. #Irack #Box  #Frm. Res. Dur.  #0bj.  Ann. // | OVT-B presents various challenges
Open-vocabulary object perception has become an important MOT17 1 42 3993 901K 33K 480-1080 17-85  1-63 30 84:69% for tracking, including objects moving
o _ _ _ _ _ _ MOT20 1 8 3833 2102K 13K 880-1080 17-133 194 30 o _ _ _
topic in Al, which aims to identify objects with novel classes that KITTI 5 50 2600 80K 15K 512 2090  0-30 10 Pt out of view, rapid motion, shape
. - . . DanceTrack 1 100 990 877K 105K 720-1080  20-108 1-22 20 ’ /"’75.57% .
have not been seen durlng tralnlng. Under this Settlng, open- UAVDT 3 100 2700 241K 80K  540-1080  3-99 1-122 6 : changes, and varying levels of
. . . . . TAO 833 2907 17287 333K 2674K  480-2160  1-279 1-10 | . . .

vocabulary object detection (OVD) in a single image has been CMOTA0 10 40 2026 956K  OK  480.1080 3942 10.128 24.30 occlusion. Besides, OVT-B contains a
studied in many literature. However, the open-vocabulary object OV-TAO-val | 330 988 5473 113K 36K  480-2160 1563 I-11 1 proportion of large objects, objects

] _ _ _ _ OV-TAO-test 357 1419 7946 166K 52K 480-2160  10-39 1-11 | T _ _
tracklng (OVT) from a video is less StUdIed, and a reason is the OVTB (Ours) | 1048 1973 13686 673K 28K 360-1440 1-220 736 530 & All videos with Complex shapes, and those with

ape change

Out of view
Fast motion
Occluded track

shortage of benchmarks. In this work, we build OVT-B, a large-
scale Open-Vocabulary multi-object Tracking Benchmark. OVT-B

short trajectories. These attributes

Comparison of OV-TAO-val and OVT-B highlight the diversity of targets and

contains 1,048 categories of objects and 1,973 videos with mOV-TAO-val [ OVT-B Ratio of videos with trajectories present in OVT-B.
637,608 bounding box annotations, which is much larger than the 100% attributes
sole open-vocabulary tracking dataset, i.e., OV-TAO-val dataset 90% -
(200+ categories, 900+ videos). The proposed OVT-B can be 80%
used as a new benchmark to pave the way for the research of 70%
OVT. We also develop a simple yet effective baseline method 60% 0%
OVTrack+, which integrates the motion features for OVT task. 50% 41% 10% 43%
40%
o 28%
OVT Benchmark 7ol |
20% Screenshots of annotations of OVT-B
. . 10%
Comparison with MOT datasets H :
. . 0% OVTrack+: A New Baseline
OVT-B dataset CS)mpI’ISGS _1’_048 categories (534 base and 514 Categories  Videos Frames Tracks Boxes Track/video Box/frame
novel). In comparison to existing MOT datasets, such as MOT17,
KITTI, and UAVDT-MOT, OVT-B offers a significantly larger To tackle the challenge of open-vocabulary multi-object tracking,
’ ’ [ Resolution O Length [ Object num [] Ann.fps . . . .
variety of categories, surpassing even the TAO dataset with 833 . we propose OVTrack+ integrating the motion model for the object
’ 2160 220 90 C . : : :
categories. OVT-B offers a larger number of annotated frames, - 200 - association task in OVT, thanks to its category-agnostic nature.
25
trajectories, bounding boxes, and videos, making it a dataset of 1760 o 70 _ _ -
dase ove
significantly greater scale. s 140 o0 = ’ Method TETA LocA AssA ClsA | TETA LocA AssA CIsA | TETA LocA AssA CIsA
1360 R 120 50 = ByteTrack [58] 201 36.1 124 119 | 206 356 127 134 | 196 366 120 103
i maltat i p— 100 [ Al - OC-SORT [59] | 160 312 43 123|165 310 44 143|154 314 43 103
knop s Sn glove (o) LT OQUS I S, i StrongSORT [14] | 24.8 316 307 122 | 257 314 316 142|239 318 297 103
dO]_ h l n OO S hinge 3 960 e 30 10 OV Track [5] 46.1 608 66.1 115 468 605 667 134|455 611 655 96
¢ saucepan M book & 60 OV Track+ 470 620 677 113 | 476 61.6 682 132 | 464 625 673 94
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Method TETA LocA AssA ClsA | TETA LocA AssA ClsA | TETA LocA AssA ClsA

ByteTrack [58] 201 369 60 176 | 209 370 59 19.7 | 147 360 6.1 1.8
OC-SORT [59] 243 5211 6.0 148 | 25.1 527 6.1 165 | 185 48.1 54 21

Comparison with OV-TAO-val: As a rigorously developed
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benchmark, OVT-B significantly surpasses the OV-TAO-val dataset,
offering dense targets, comprehensive annotations, and a diverse
range of videos.

StrongSORT [14] | 234 416 135 152 | 244 423 137 170 | 166 364 116 1.7

OVTrack [5]
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Open-vocabulary MOT comparison results on OV-TAO-val
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