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Background

How to take the advantages
of both worlds?

Event Camera < . >
Event-based Video

Reconstruction « Low temporal resolution
« Low dynamic range

Standard Camera

* No absolute intensity

* Not easy to develop
algorithms




Overview

B Key Idea: incorporate text-conditional diffusion prior to facilitate a language-guided semantic-aware
E2V reconstruction framework

(

“Two persons riding horses h

through aw obstacle course

on a dirt fleld...’ y

Semantic ambiguity in local structures Enriched semantic information
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Experiments

O Our LaSe-E2V can reconstruct videos with higher quality compared to other SOTA methods

Datasets | Metrics | EZVID [50] FireNet [54] E2VID+ [57] FireNet+ [57] SPADE-EZVID [7] SSL-E2VID [46] ET-Net [64] HyperE2ZVID [13] | LaSe-E2V {Ours)
MSE]L 0.212 0131 0,070 0.063 0,091 0.046 0.047 0,033 0.023
gep | SSIM1 0.424 0502 01,560 0.555 0.517 0.364 0.617 01,655
SSIM* | 0.450 0459 0.503 0.452 0,461 0.415 0.552 0.576 0.629
LPIPS] 0.350 0320 0.236 0.290 0,337 01.425 0.224 0.212 0.194
MSE] 0.337 0292 0.132 0.218 0,138 0.062 0.107 0.076 0.055
Mvsge | SSIMT 0,206 0261 0,345 0.297 0,342 01.345 0,380 0.419
SSIMT 1| 0241 0198 0.262 0.212 0.266 01.264 0. 258 0,315 0.342
LPIPS] 0.705 0700 0.514 0.570 0.559 0.593 01,459 0.476 0.461
MSE]L 0.127 .09 0.036 0,040 0.077 0.126 0.032 0.031 0.034
HQF SSIMT 0.540 0.533 0.643 0.614 0.521 {1.295 0,658 0.658
SSIM* 1| D462 0422 0.536 0.474 0,405 0.407 0.534 0.531 0.548
LPIPS] 0.3%2 D441 0.252 0.314 0,502 0.49% 0,260 0.257 0.254




Experiments

O Our LaSe-E2V can reconstruct videos with higher quality compared to other SOTA methods

HQF: bike_bay_hdr
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Take-away Message

We novelly explore E2V reconstruction from a language-guided
perspective, utilizing the text-conditioned diffusion model to effectively
address the semantic ambiguities inherent in event data.
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