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Event-based Video 

Reconstruction

How to take the advantages 

of both worlds?

Event Camera

• High temporal resolution

• High dynamic range

• No absolute intensity

• Not easy to develop 
algorithms

Standard Camera

• Low temporal resolution

• Low dynamic range

• Absolute intensity

• A lot of algorithms

Background



`Two persons riding horses 

through an obstacle course 

on a dirt field…’

HyperE2VID LaSe-E2V(Ours)

（a）

（b）

Semantic ambiguity in local structures

（c）

Enriched semantic information

Aggregated event frames
Event stream

Overview

◼ Key Idea: incorporate text-conditional diffusion prior to facilitate a language-guided semantic-aware 
E2V reconstruction framework
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Experiments

Our LaSe-E2V can reconstruct videos with higher quality compared to other SOTA methods
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Take-away Message

We novelly explore E2V reconstruction from a language-guided 
perspective, utilizing the text-conditioned diffusion model to effectively 
address the semantic ambiguities inherent in event data.
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