MVGamba: Unify 3D Content Generation as State Space Sequence
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1. Previous works inevitably compromise the integrity of multi-view
Information propagation to manage computational costs.
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2. The imperfect generation of multi-view images might be unavoidable
bottom neck.
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The crux is to generate the integrity of multi-view information while
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efficiently generating a sufficiently long sequence of Gaussians.
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3. The computationally efficiency as well as Gaussian representation is
far from perfect.
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