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> We are the first to reveal domain structural shifts through spectral > The limitations of existing methods prompt two questions for us:
biases, as well as consider the inconsistent preferences of distinct ® How to address theknowledge conflict under domain structural shift by

I ) » We perform experiments on graph classification tasks In
i datasets from various clients. |1 extracting and sharing generic knowledge?

various cross-dataset and cross-domainscenarios to validate
the superiority of our framework FedSSP.

> We propose FedSSP, which innovatively overcomes knowledge ® How to design personalized plans to deal with inconsistentpreferences

inconsistent preferences. Li = Egt yonp, (L7 + L7FPA) = E(ar yoyopi [CE(2, 3:) + 7 - MSE(hy, )]

|83

' » Hyper- parameter Study
.

[d Preference module is leveraged for suitable feature adjusting, :
while a regulazation term is utilized to sovle the over-reliance issue.' 1" H H

(c) Spectral Biases
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conflicts from a spectral perspective and implements personalized of specific graph datasets from various clients? : EE N e o B e
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» (a) Clients struggle with knowledge conflict caused by non-generic , SN = e
Fooy b : I T Dy 3 " -
sharing which arises from the shifts. o h=F(0739), Wi=h+d  hi=(Q-p) WA pe R Ry =S e
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> (b) The aggregated message-passing scheme suffers from unsatisfied 1 ! | i " (@single-domain (SM)  (b) double-domain(SM-CV)  (c) Multi-domain (SM-SN-CV)
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