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e Neurons contribute to the final output by
activating or deactivating given an output
e Two part extraction: Discussion
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If target neuron is closer to 0s | ’ can vary with model depth. In blue one can see the variance of extracting
others, with high confidence 0.9 | two models trained similarly but on different randomness. In red one can
we have wrong sign recovery ) ; ; f see how deeper layers become increasingly hard to extract.
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