Natural Countertactuals With Necessary Backtracking
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Background Preliminaries Experiments
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Consider a scenario: A sudden brake
Structural Causal Model (SCM): A SCM M := (U, V., f, p(U))

of a high-speed bus caused Tom (cat)
to fall and injure Jerry (mouse).

V,; = fI(PA“ Ut), 1=1,.... N (1)

Non-backtracking counterfactuals:

If A had been a* what would the
value of B? For example, if Tom had
stood still (despite the sudden

Local Mechanisms: p(V;|PA;) fori =1,.... N

Figure 2. Causal Graph of Toy 1 (a) Samples

Three-Step Procedure of Non-Backtracking Counterfactuals:.

Table 1: MAE Results on Toy 1
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