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Multimodal Learning
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Multimodal Variational Autoencoders
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Wu and Goodman, “Multimodal Generative Models for Scalable Weakly-Supervised Leaming”, Neurips 2018
Shi et al., “Variational Mixture-of-Experts Autoencoders for Multi-Modal Deep Generative Models”, Neurips 2019
Sutter et al., “Generalized Multimodal ELBO”, ICLR 2021

Daunhawer et al., “On the limitations of multimodal VAEs”, ICLR 2022
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Unimodal VAES
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Multimodal Variational Mixture of Experts Prior
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Benchmark Experiments
Translated PolyMNIST
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Summary

* Novel Multimodal Learning objective that
leverages soft-sharing instead of fusion

« Multimodal Variational Mixture of Experts prior
(MMVM): we show the optimality of the chosen
prior distribution

« Strong results on benchmark experiments and
real-world datasets

» To follow: extending the proposed objective to
additional architectures learning objectives
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