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SPACE: Lin et al. "SPACE: Unsupervised Object Scene Representation via Spatial Attention and Decomposition." (2020)
SPOC: Delfosse et al. "Boosting object representation learning via motion and object continuity." (2023).
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Deep RL agents perform hidden
Shortcut Reinforcement Learning.
RL agents must rely on
human understandable concepts.

g Open source: github.com/k4ntz/
: E SCoBots

Reinforcement

Ep Learning


http://github.com/k4ntz/SCoBots
http://github.com/k4ntz/SCoBots

