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Model Based RL (episodic)

o FEpisodesn=1,...,.V.
e Execute policy m,, and collect measurements (x,,.0,0n.0),---, (Tn.k, ,bn.k. )

e Prepare dataset D, = {(2n.1,Yn.1)s---s (Znk,. > Ynk,)}
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%
Under the assumptions, we have for NEORL with probability at least 1 — ¢ ]P((I) < ’ | | | ) =170
T—1
RT — Ext,Ut|X0 [C(Xt7 ut) o A(ﬂ-*7 XO)] < O(BT V TrT)
t=0

with [T being the maximum information gain of kernel k, defined as
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NeORL — Results
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