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ExperimentS §
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v Rea| Datov ( 3=2000, vorpetr renk “R'=5)

Pavia Uni. Tabby Cat MNIST DC Mall
Method Fit Time Fit Time Fit Time Fit Time
TT-ALS 0.61 4.16 0.65 44.570 0.46 829 0.59 21.86
rTT-ALS (proposal) 0.60 0.82 0.65 7.360 0.45 2.20 0.59 2.81
TT-SVD 0.61 6.65 0.65 136.189 0.46 17.19 0.59 41.45
rTT-SVD 0.61 0.33 0.65 4285 046 065 0.59 046
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4 0.1332 0.1334 4.0x 0.0498 0.0507 17.8x 0.0213 0.0214 26.0x
6 0.1505 0.1510 3.5x 0.0594 0.0611 12.4x 0.0265 0.0269 22.8x
8 0.1646 0.1654 3.0x 0.0669 0.0711 10.5x 0.0311 0.0317 22.2x
10 0.1747 0.1760 2.4x 0.0728 0.0771 8.5x 0.0350 0.0359 20.5x
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