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Introduction

Drawbacks of LLILMs _

e Hallucination

e Outdated information

 Low efficiency in parameterizing knowledge - Retrieval-aug;tgmented
generation

* Lack of in-depth knowledge in specialized domains

* Weak inferential capabilities
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AssistRAG Framework
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AssistRAG Training
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Curriculum Assistant Learning enhances the assistant’s capabilities in note-taking, question decomposition, and knowledge

extraction through progressively complex tasks.

Reinforced Preference Optimization uses reinforcement learning to tailor the assistant’s feedback to the main LLM’s specific

needs, optimizing knowledge extraction based on feedback from the main LLM.




Introduction

Method Main LLM HotpotQA 2Wiki Bamboogle
EM F1 Prec. EM F1 Prec. EM F1 Prec.
Baselines without retrieval
CloseBook LLaMA2-chat 7 132 184 178 144 182 178 104 16.3 16.7
CloseBook ChatGLM gg 156 204 199 158 195 200 126 176 169
CloseBook ChatGPTs 5 200 258 264 216 257 245 144 220 22.3
Baselines with retrieval
Naive RAG LLaMA2-chat 7 18.2 23.0 225 174 237 228 152 204 203
Naive RAG ChatGLM gg 2.8 272 258 I8 250 252 158 211 208
Naive RAG ChatGPT3 5 246 330 345 238 302 31.1 184 244 24.7
ReAct ChatGPT3 5 268 417 426 250 330 316 288 377 382
IRCoT ChatGPT3 5 314 403 416 308 426 423 30.2 388 379
Self-Ask ChatGPTs 5 282 4311 448 286 375 428 232 328 308
SELF-RAG SELF-RAG 73 31.0 424 423 350 40.7 410 298 355 378
LLMLingua ChatGPT3s 5 28.2 402 400 294 386 378 252 313 308
- ASSISTRAG ~ LLaMA2-chat;g 324 415 426 362 41.0 405 330 396 387
ASSISTRAG ChatGLM gg 330 424 435 38.0 432 428 328 398 390

ASSISTRAG ChatGPTs3 5 344 448 465 39.6 456 457 346 414 411
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