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Introduction Method Qualitative Results
The multi-plane encoding approach allows NeRFs to learn fine-grained 
details rapidly and achieves outstanding performance, however, it has 
limitations in representing the global context of the scene such as 
object shapes and dynamic motion over times when available training 
data is sparse. 

  In this work, we propose refined tensorial radiance fields that harness 
coordinate-based networks capturing low-frequency signals, while 
multi-plane network focuses on fine-grained details simultaneously. 
Empirically, the proposed outperform all baselines for the task with 
static and dynamic scenes under sparse inputs. 
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Quantitative Results

We developed a new method where the coordinate network captures 
global context, like object shapes and dynamic motions, and it also 
incorporates multi-plane encoding to precisely describe the finest 
details.
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Proposed Method

The multi-plane encoding with TV loss still struggles to represent 
global context in the sparse-inputs (HexPlane, CVPR2023). 

We devise incorporation ReLU-MLPs without positioning encoding 
with multi-plane grid features. 

The detailed architecture is represented as follows. 

Evaluation on Static NeRF dataset (8 views)

Qualitatively, the proposed method enables to represent both low-
frequency and high-frequency details simultaneously, whereas 
baselines inevitably suffer from performance issues due to artifacts

While baselines struggle to learn consistently with varying TV 
regularization. the proposed method effectively handles novel-view 
synthesis, leading to reliable performance regardless of the regularization.
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