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Linear Representation of the Board States
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Linear Latent World Models in Simple Transformers: A Case Study on Othello-GP
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Conclusions

Linear Representation of
Board States Encoded in
Shallow Transformers

Deeper Networks Better at
Casual Usage of Linearly
Encoded Board States

Board State Information
Finalized in Middle Layers

. s&:‘é:-h

},. NEURAL INFORMATION
;.i. PROCESSING SYSTEMS
ole



