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Brain activity: Many scales
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How relevant are slow (<1 Hz) and infra-slow
(<0.1 Hz) fMRI brain dynamics for human
cognition and behavior?




Gaussian Process Factor Analysis (GPFA)
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GPFA Latents: Slow dynamics and Spatial modes
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N=8000 fMRI scans from HCP database



Slow trajectories characterize cognitive states
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Slow latents predict cognitive score variations
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Slow latents mark cognitive decline
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